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Why informality? It’s pervasive
High informality is a defining characteristic of most 
developing economies:

• 30-70% of 
economic 
activity

• 20-80% of 
labour force 

• Equally large 
share of firms



Why informality? Anathema to development (Penny’s lecture 1)

▶ Tax avoidance, hindering the provision of public goods.

▶ Misallocation of resources → it corresponds to a size-dependent distortion.

▶ Informal workers have no job stability, no unemployment insurance, nor
employer provided social security.

▶ However, informality may provide de facto flexibility to firms and workers
to cope with adverse shocks.

▶ Key: Countries are unlikely to simply ”grow out of informality”.



Definitions (1/2)

Informality can be an elusive concept. Much of the earlier literature focused on
the discussion of informal sector’s definition.

Definitions based on firm characteristics – size or productivity – are very
problematic.

Dominant contemporary approach: ”legalistic definition”:

◦ Informal firms and workers are those that operate at the margin of the
relevant laws and regulations.



Definitions (2/2)

For firms, it is important to distinguish two margins of informality:

1 The extensive margin: to register or not the business.

2 The intensive margin: whether registered firms hire informal workers.

Informal firms = (1) ≈ 70% of firms in Brazil

Informal workers = (1) + (2) 30-80% of workers in LAC

The intensive margin accounts for 40-44% of informal employment in Latin
American countries!
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Lack of duality

Vast evidence that informal firms are on average ”worse”: smaller, lower wages
and profits, less educated owners and employees,...

Differences have been often interpreted as evidence of a dualistic view, but:

⋄ Formal and informal firms coexist even within narrowly defined industries.

⋄ There is a substantial overlap in formal and informal firms’ productivity
distributions, even within industries:

and size (log-revenues) for formal and informal firms at most one year old to proxy for
entrants.9 Figure 1 shows that both productivity and size distributions in the formal
sector are already substantially shifted to the right among very young firms, which is
consistent with firms sorting based on productivity right upon entry. Moreover, there
is a large overlapping region between formal and informal firm size and productivity
distributions. Thus, not only formal and informal firms produce in the same industry
but there is also a sizable interval in the productivity support where one can find both
types of firms.10

Figure 1: Productivity and size distributions among entrants

(a) Productivity: Log(VA/Worker) (b) Size: Log(Revenues)

Notes: Data from ECINF. I regress the log of value-added per worker and log-revenues on a set of
industry dummies to purge inter-industry variation. The figures show the densities of computed
log-residuals for formal and informal firms.

2.3 Workers

A well-known stylized fact in the literature is that informal workers are on average
less educated and less skilled than their formal counterparts. Accordingly, the share of
informal workers is decreasing in workers’ schooling level (e.g. Gasparini and Tornarolli,
2009; Perry et al., 2007). Table C.1 in the Appendix shows the main descriptive statistics
for workers using the PNAD, which basically confirm the same facts for Brazil. A partic-
ularly important regularity is that the share of informal workers is much higher among

9To obtain cleaner measures, I regress the log of value-added per worker and log-revenues on a set
of industry dummies to purge inter-industry variation. The computed log-residuals are the productivity
and size measures used.

10Meghir et al. (2015) show that this overlapping region is also present if one considers all formal and
informal firms (and not only the entrants). The same is true for other countries that have comparable
data, such as Mexico (Busso et al., 2012) and other Latin American countries (Perry et al., 2007).
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Source: Ulyssea (2018)



Margins of informality

Both margins of informality decline with firm size. Evidence from Brazil:10 THE AMERICAN ECONOMIC REVIEW MONTH YEAR

(a) Panel A: Extensive margin (b) Panel B: Intensive margin

Figure 2. Informality margins and firms’ size

Note: The panel on the left shows the share of informal firms among firms with size
n = 1, . . . , 7 (where size is measured as number of employees). The panel on the right shows
the average share of informal workers within formal firms, among firms with size n = 2, . . . , 7.

(de la Parra, 2016). In India, Bertrand, Hsieh and Tsivanidis (2015) show that
large formal firms have increasingly used contract labor as a way to bypass the
costs of labor regulation in India. From the firms’ perspective, contract workers
are analogous to informal workers within a formal firm. This form of labor relation
corresponds to 36 percent of total employment among Indian establishments with
more than 100 workers (Bertrand, Hsieh and Tsivanidis, 2015).

In the ECINF data, around 40 percent of informal employment is located in
formal firms. Since the ECINF does not cover a large fraction of formal firms (due
to its size cap of 5 employees), if anything this share is an underestimation of the
importance of the intensive margin of informality in Brazil. Another way to assess
the same issue is to examine the distribution of informal workers across firm sizes.
The Brazilian Monthly Employment Survey (PME), which is a rotating panel that
covers the 6 main metropolitan areas in Brazil, has categorized information on
the size of workers’ firms, as well as workers’ formality status. Table C.2 (in
the Appendix) uses data from the PME to show that 52 percent of all informal
workers are employed in firms with 11 employees or more (Perry et al., 2007, show
similar evidence for other Latin American countries). As already discussed, the
likelihood of a firm with 11 employees or more to be informal is very low. These
two pieces of evidence combined thus reinforce that there is a large fraction of
informal workers who are employed in formal firms.

III. Theory

Motivated by the facts previously discussed, this section develops an equilib-
rium model where firms can exploit both the extensive and intensive margins of

Source: Ulyssea (2018)



Margins of informality

Even better evidence on the intensive margin (also from Brazil):Figure 5: Share of Informality and Plant Size

(a) % Informal and Size
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(b) % Informal and Size (bin width = 10)
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Notes. The figure plots the average share of informality by firm size of plants caught with
infraction between 1997 and 2010. Some establishments are audited more than once in different
years. The figure contains information only for the first time that a plant was caught with an
infraction. Panel (a) displays the average share of informality for firms with different sizes.
Panel (b) aggregates observations in bins and displays the average share of informality for each
bin.

ing data on the establishments with infractions, Figure 5 plots the share of in-
formal workers for different plant sizes. The distribution of informal workers
varies by plant size: smaller plants have a higher proportion of informal work-
ers. However, the average proportion of informal workers stabilizes around
approximately 15% for medium-sized and larger plants. The main implication
from Figure 5 is that plants of all sizes are being caught with informal workers.

Finally, we check whether formal and informal workers differ with respect to
observable characteristics. Table 1 compares the characteristics of these work-
ers, such as wage, educational attainment, and gender. Column (I) displays the
mean characteristics of existing formal workers, while column (II) shows the
mean characteristics of informal workers. In column (III), we check if formal
and informal workers are balanced across these observable characteristics. We
use the standardized difference—which is not influenced by sample size—to
assess the difference in the location in the covariate distributions. Imbens and
Rubin (2015) suggest that a standardized difference between two groups should
be above the threshold of 0.20 to be considered different. According to Table 1,
standardized differences remain below 0.2 for all variables but wages. These
results suggest that formal and informal workers are comparable in terms of
observable characteristics, except for wages.2

2In Appendix Table ??, we look at the subgroup of formal workers that were employed for
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Source: Brotherhood, Da Mata, Guner, Kircher, and Santos (2023)



No missing middle in firm size distributions (but lots of skewness!)

See Hsieh and Olken (2014)! In Mexico:

Source: Eslava et al. (2025)
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Simple framework (1/3)

For now, we will focus on the extensive margin only. Firms’ profit functions:

πf (θ) = (1− τy) θF (k, ℓ)︸ ︷︷ ︸
≡y(θ)

−(1 + τw)wf ℓ− rfk − c̄f

πi(θ) = (1− p(y(θ))) θF (k, ℓ)− wiℓ− rik

where

θ: firm’s productivity

τy, τw: revenue and payroll taxes

F (·): production function, increasing and concave in ℓ and k

c̄f : per-period fixed cost of operation that formal firms must pay

p(y(θ)): ”cost of informality”, increasing and convex in firm’s output



Simple framework (2/3)

Infinite horizon, discount rate = 1, no uncertainty but firms face an exogenous
death shock, δs, s = i, f .

Value functions:

Vf (θ) =
θF (k, ℓ)

δf
−
(
wf ℓ+ rfk

δf

)
−
(
τyθF (k, ℓ) + τwwf ℓ+ c̄f

δf

)
︸ ︷︷ ︸

Costs of remaining formal (A)

Vi(θ) =
θF (k, ℓ)

δi
−

(
wiℓ+ rik

δi

)
− p(y(θ))θF (k, ℓ)

δi︸ ︷︷ ︸
Costs of remaining informal (B)

Firms decide to formalise if

Vf (θ)− cef ≥ Vi(θ)

where cef denotes entry costs.



Simple framework (3/3)

Policy makers can thus incentivise firms to formalise by:

(i) Reducing the costs of formality: costs of entering the formal sector (cef ) +
costs of remaining formal (A).

(ii) Increasing the benefits of formality: e.g. increasing access to capital (a
lower rf ).

(iii) Increasing the costs of informality (B): e.g. higher enforcement of the
existing laws and regulations.



Empirical evidence (1/3)

Papers that seek to identify the causal effect of potential determinants of firms’
formalisation estimate variations of the following:

yit = α+ βTreatmentit + γXit + ϵit

Unit of analysis (i): typically firm or entrepreneur, but can be a more
aggregate unit, such as municipality, commuting zone or industry.

yit: formality dummy or share of formal firms in a given municipality or
industry.

Treatmentit: dummy that equals one if offered a formalisation treatment.



Empirical evidence (2/3)
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Notes: Blue circles are results from experimental studies; maroon diamonds are results from natural
experiments. ITT estimates are shown for the experimental papers.



Empirical evidence (3/3)

High registration costs are often emphasized as a major constraint to firm
creation and formalization but results are quite limited.

Largest formalization effects come from interventions that reduce the ongoing
costs of formality or increase its benefits.

◦ See, in particular, De Mel et al. (2013) and Rocha et al. (2018).

Few exceptions investigate the effects of higher enforcement:

◦ Andrade et al. (2014): randomly assigning municipal inspectors to firms
leads to an increase of 21-27 p.p. on firms’ registration.

◦ Samaniego and Bujanda (2024): inspections lead to 15% lower formal
employment despite within-firm formalization.



Potential interpretation using the model in Ulyssea (2018)

Today we will discuss a simpler version of the model that has homogenous
labour. Product and labor markets are competitive.

Firms are indexed by their productivity, θ.

The production function:

y (θ, ℓ) = θq (ℓ) , q′ (·) > 0, q′′ (·) < 0

Informal firms profit function:

Πi (θ, w) = max
ℓ

{θq(ℓ)− τi (ℓ)w}

where τ ′i , τ
′′
i > 0.



Hiring costs for formal firms:

▶ Informal workers: τfi (ℓ)w, where τ ′fi, τ
′′
fi > 0.

▶ Formal workers: (1 + τw)wℓ.

▶ ℓ̃ is s.t. τ ′fi(ℓ̃) = (1 + τw). For ℓ > ℓ̃, hire only formal workers at the
margin.

Profit function:

Πf (θ, w) = max
ℓ

{(1− τy) θq(ℓ)− C (ℓ)}

where

C (ℓ) =


τfi (ℓ)w, ℓ ≤ ℓ̃

τfi(ℓ̃)w + (1 + τw)w
(
ℓ− ℓ̃

)
, ℓ > ℓ̃



Entry

▶ Mass of potential entrants of size M , observe ν ∼ G, i.i.d.

▶ If entry occurs: pay Es, s = i, f and draw θ from F (θ|ν).

▶ θ remains constant after entry. Exit probability: κs, s = i, f .

▶ Value function: Vs (θ, w) = max
{
0, πs(θ,w)

κs

}
, s = i, f .

▶ Expected value of entry: V e
s (ν, w) =

∫
Vs (θ, w) dF (θ|ν) , s = i, f .

▶ If entry is positive in both sectors:

V e
i (νi, w) = Ei

V e
f (νf , w) = V e

i (νf , w) + (Ef − Ei)



Data and Estimation

Data sources:

1 ECINF (Pesquisa de Economia Informal Urbana): Matched
employer-employee data; representative for firms with up to 5 employees.

2 RAIS: Matched employer-employee admin. data from the Ministry of
Labor; universe of formal firms and workers.

3 National Household survey (PNAD): repeated cross section, representative
at the national level.

I estimate the model using a two-stage simulated method of moments.



Distribution of informal firms’ types in the data
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nario where entry costs into the formal sector are equalized to informal sector’s
(Ef = Ei), and compute for all firms the counter-factual expected value of enter-
ing the formal sector once entry costs are removed, which is given by V e,c

f (⌫)�Ei,
where the superscript c denotes the counter-factual scenario. Figure 6 displays
the corresponding curves.
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Figure 6. The distribution of informal firms types in the data

Note: The figure shows, for each productivity level, firms’ expected value function net of entry
costs in the formal and informal sectors, V e

f (⌫) � Ef and V e
i (⌫) � Ei, respectively. The third

curve displays the net expected value of entering the formal sector in a scenario where its entry
costs are equalized to informal sector’s (Ef = Ei): V e,c

f (⌫) � Ei.

The baseline curves for the formal and informal sectors intersect each other
at ⌫ = ⌫3, and all firms with ⌫ � ⌫3 will always choose to be formal, as their
expected value of entry is higher than in the informal sector. Firms with pre-entry
productivity ⌫ 2 [⌫2, ⌫3) are the De Soto’s (type 3) firms: in the counterfactual
scenario where entry barriers into the formal sector are removed, these firms



Trade and Informality
Additional determinants: Trade

• Strong effects on both firm and labor informality, but with two opposing 
forces:

i. The least productive (informal) firms exit à extensive margin

ii. Formal firms cut costs by hiring informal workers à intensive margin

• Greater access to foreign markets can reduce firm informality

See McCaig and Pavcnik (2018), Paz (2014), Dix-Carneiro and Kovak (2019),
Cruces et al. (2018), and Ponczek and Ulyssea (2022), Cisneros-Acevedo (2022)
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The role of public policiesThe role of Public Policies

Concern: welfare programs could shift labor supply from the formal to the 
informal sector. True for both means-tested and universal programs.

Evidence:

• Universal health coverage (Mexico and Colombia) led to small increases in 
informal employment. Evidence that the value of these benefits is low.

• Cash transfer programs:  

• Evidence from Brazil, Argentina, and Uruguay indicates that both 
informality and non-employment increase (not much).

• New: no effect on men but positive effect on women’s formal labor supply 
(Leite Mariante, 2024).

• Aggregate effects from Bolsa Família (PBF) led to an increase in local 
formal employment in Brazil (Gerard et al., 2023). 

• ALMP: can improve first matches of young workers and improve mid-run 
outcomes



Informality and the motherhood penalty (1/2)For women: fertility and flexibility

I. Berniell et al. Journal of Development Economics 150 (2021) 102599

Fig. 2. Distribution of Hours Worked per Week Before First Childbirth, Formal and Informal Workers by Gender. Source. Own calculations based on the Social
Protection Survey.

Fig. 3. Impacts on Labor Informality. Note. This figure shows, for men and
women separately, the estimated impact of children on the probability of hav-
ing an informal job conditional on being employed. Informal jobs include non-
registered jobs, temporary jobs, jobs with no explicit written contract, and
low-skilled self-employment. The figure reports the scaled coefficients P! as
explained in Section 2.2. Since the omitted category is ! = −1, the scaled
coefficients measure the impact of children as a percentage of the counterfac-
tual outcome relative to the year before the first childbirth. Controls include
year, month, and age-in-years fixed effects. Data cover the period 1997–2016,
and the sample includes parents observed at least once before and at least once
after childbirth. The sample is restricted to mothers whose age at first child-
birth is between 18 and 50 years old and fathers whose age at first childbirth
is between 18 and 60 years old. The figure also shows the bootstrapped 90%
confidence intervals for the scaled results using 500 replications and clustering
at the individual level. Calculations based on the Social Protection Survey.

suffer a depreciation—or lack of accumulation—of some skills that are
valuable in the labor market, which may help to explain the persistence
of poor labor market outcomes of mothers even long after having had
their first child.

3.2. Heterogeneous impacts by education level

Next, we analyze motherhood’s impacts on women with different
education levels, which in this context we think of as a dimension that
proxies unobserved or potential labor productivity. Fig. 6 reports the
trajectories of different labor outcomes from separate estimations of
Equation (1) for women with low education levels (never went to col-

lege) and high education levels (at least some college education).27 The
main result is that motherhood has a lower impact on women with
higher levels of education. Taking the average effect from event time
! = 1 to ! = 10, Fig. 6a shows that while employment decreases
29% for less-educated women, it falls 10% for the group of more-
educated women. Fig. 6b shows that, conditional on being employed,
less-educated women work 7.5% fewer hours relative to the pre-child
year. In contrast, hours worked do not change after motherhood for
employed women with high education levels, as is the case for fathers.

Similarly, Fig. 6c shows that, conditional on being employed, the
effect of motherhood on the probability of having an informal job is
large (about 39% taking the average from ! = 1 to ! = 5) and persis-
tent for the less-educated group of women, while for the more-educated
group, the effect is never statistically significant. Last, Fig. 6d shows
the heterogeneous responses of labor earnings for the two education
groups. After motherhood, both women with low and high education
levels experience a decrease in their earnings, but, again, the effects are
smaller the higher the education level (−32% and −18%, respectively).

To sum up, according to our results motherhood has a larger nega-
tive impact on outcomes for the group of less educated women. They
face higher probabilities of exiting the labor force, reducing working
hours or taking up informal jobs upon motherhood than women with
at least some college education. Different mechanisms may be behind
these differential responses. In the next section we build and parameter-
ize a model economy that will allow us to explore the key mechanisms
through which the characteristics of formal and informal jobs interplay
with the labor market decisions of mothers with different productiv-
ity or educational levels. These mechanisms are related to opportunity
costs of changing occupations, which vary for women with different
productivity levels. The mechanisms are also related to the need of
having flexible working hours and good quality social protection. In a
developing country like Chile, while flexibility in hours is found in the
informal sector, higher skill premia and better quality social protection
are characteristics found in formal employment.

4. The model

4.1. Main assumptions

To illustrate the key forces that connect having children with labor
market outcomes of mothers in the presence of informal job opportuni-
ties, we build a simple model of occupational choice that includes both

27 Descriptive statistics for each education group are reported in
Table B.1 in Appendix B.

7

• Rigidity in labor regulations could also induce shifts to the informal sector. 
Evidence from Chile: 

Source: Berniell et al. (2021)



Flexibility is key

Model counterfactuals from Andrade et al. (2026):

Pregnancy

M. Leave

Extensive Margin Intensive − Formal Intensive − Not−Formal

−1 0.5 1.5 2.5 3.5 4.5 −1 0.5 1.5 2.5 3.5 4.5 −1 0.5 1.5 2.5 3.5 4.5

−0.2

−0.1

0.0

0.1

Age of the child (years)

Baseline 100% Part−Time

Formal=Informal (Flexibility) Formal=Self−Employment (Flexibility)



Outline

1 Some Facts

2 Determinants: Firms

3 Determinants: Workers

4 Consequences of informality

5 Urbanization and Informality



FirmsFirms

• The results in the literature indicate that formalization has no effects on 
different measures of firm performance (sales, profits, size,…)

• Consistently, firms that formalize do not seem to change any meaningful 
behavior (access to finance, formal banking, investments,…). 

• Whenever there are positive average effects, these are driven by few firms 
experiencing substantial growth. 

• This lack of effect is consistent with the argument that the perceived benefits 
of formalization are very low for most small-scale entrepreneurs. 

• It might be the case that the positive effects of formality take long to appear. 
Even then, these results are not encouraging, as the costs kick in upon 
formalization. 

E.g.: De Mel, McKenzie & Woodruff (2013)



Trade and Informality reloadedAdditional determinants: Trade

Higher informality is not necessarily bad; it can help reducing 
employment losses. Example from Brazil (Ponczek and Ulyssea, 2022):
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Trade and Informality reloaded

But what about GE effects on welfare (or real income)? Need a structural
model!

Our results suggest that informality is a “employment buffer” but not a “welfare
buffer” (Dix-Carneiro, Goldberg, Meghir & Ulyssea, 2026)



Taxation and redistributionTaxation and Redistribution

High informality levels change the redistributive properties of taxation. 

If the expenditure share of informal goods systematically varies with income, the 
presence of informal sectors will change the incidence of consumption taxes.

Informality Engel curves (Bachas et al, 2023): 
Figure 2: Selected Informality Engel Curves

(a) Rwanda
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(b) Mexico
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These panels show the local polynomial fit of the Informality Engel Curves in Rwanda (Panel A) and
Mexico (Panel B). Per person total expenditure on the horizontal axis is measured in log. Informal budget
share is on the vertical axis. The shaded area around the polynomial fit corresponds to the 95% confidence
interval. The solid grey line corresponds to the median of each country’s expenditure distribution, while
the dotted lines correspond to the 5th and 95th percentiles. See Appendix Figure A1 for each core sample
country’s informality Engel curve.
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Aggregate productivity, output, and growthAggregate Productivity, Output and Growth

The aggregate effects of reducing informality crucially depend on the policy 
instrument used to achieve it. I will focus on enforcement and entry costs.

Greater enforcement can have adverse effects on welfare, and even output, due 
to higher unemployment/displacement effects. Mixed results in the literature. 

Key dimension: how much employment reallocation there can be from low-
productivity informal firms to more productive formal firms.

Open question: transition dynamics!

↓ Informality

(+) Composition effects 
(+) Less low-quality jobs
(+) Capital accumulation
(+) Occupational choices 
(+) HK accumulation 

Productivity ↑ 
Output   ? ↑ Enforcement



Aggregate productivity, output, and growthAggregate Productivity, Output and Growth

↓ Entry Costs ↓ Informality

(-) Composition effects 
(+) Number of Firms
(?) Capital accumulation
(?) Occupational choices 
(?) HK accumulation 

Open questions: 

• What is the role of other (formal sector) frictions in shaping these effects?

• Even without the positive composition effects, can we observe positive 
effects on occupational choices, K and HK accumulation?  

Productivity ↓ or ? 
Output ↑ 

Taxes: reductions in the tax burden have limited formalization effects
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Urban population in developing countries has grown at staggering speed in the
past 45 years:

▶ High income countries: 1.5 fold

▶ Upper- Lower-middle income: 3.4-3.9 fold

▶ Low-income: 5.5 fold

40-45% of the population already lives in cities (population of at least 50,000).

Urban population in developing countries is projected to grow by 64.7% until
2050 (UNCTAD, 2021).

⇒ Increasingly, the loci of development will be cities.

Intrinsically connected to rural-urban migration: major contributor of urban
growth (Jedwab et al., 2017) + will increase with climate change (Rigaud et al.,

2018).



Urban population in developing countries has grown at staggering speed in the
past 45 years:

▶ High income countries: 1.5 fold

▶ Upper- Lower-middle income: 3.4-3.9 fold

▶ Low-income: 5.5 fold

40-45% of the population already lives in cities (population of at least 50,000).

Urban population in developing countries is projected to grow by 64.7% until
2050 (UNCTAD, 2021).

⇒ Increasingly, the loci of development will be cities.

Intrinsically connected to rural-urban migration: major contributor of urban
growth (Jedwab et al., 2017) + will increase with climate change (Rigaud et al.,

2018).



Urban population in developing countries has grown at staggering speed in the
past 45 years:

▶ High income countries: 1.5 fold

▶ Upper- Lower-middle income: 3.4-3.9 fold

▶ Low-income: 5.5 fold

40-45% of the population already lives in cities (population of at least 50,000).

Urban population in developing countries is projected to grow by 64.7% until
2050 (UNCTAD, 2021).

⇒ Increasingly, the loci of development will be cities.

Intrinsically connected to rural-urban migration: major contributor of urban
growth (Jedwab et al., 2017) + will increase with climate change (Rigaud et al.,

2018).



Urban population in developing countries has grown at staggering speed in the
past 45 years:

▶ High income countries: 1.5 fold

▶ Upper- Lower-middle income: 3.4-3.9 fold

▶ Low-income: 5.5 fold

40-45% of the population already lives in cities (population of at least 50,000).

Urban population in developing countries is projected to grow by 64.7% until
2050 (UNCTAD, 2021).

⇒ Increasingly, the loci of development will be cities.

Intrinsically connected to rural-urban migration: major contributor of urban
growth (Jedwab et al., 2017) + will increase with climate change (Rigaud et al.,

2018).



Urban population in developing countries has grown at staggering speed in the
past 45 years:

▶ High income countries: 1.5 fold

▶ Upper- Lower-middle income: 3.4-3.9 fold

▶ Low-income: 5.5 fold

40-45% of the population already lives in cities (population of at least 50,000).

Urban population in developing countries is projected to grow by 64.7% until
2050 (UNCTAD, 2021).

⇒ Increasingly, the loci of development will be cities.

Intrinsically connected to rural-urban migration: major contributor of urban
growth (Jedwab et al., 2017) + will increase with climate change (Rigaud et al.,

2018).



Key dimensions associated to urbanization (non-exhaustive)Key dimensions associated to urbanization (non-exhaustive)

Firms
• Greater availability of workers
• Demand shocks
• Agglomeration externalities, 

congestion
• Informality
• Effects on entry, exit, 

composition, growth,...

Housing
• Slums
• Social housing 

policies

Public goods 
and

Infrastructure 

Congestion or 
greater fiscal 

capacity? 

Individuals
• Greater opportunities for HK 

accumulation?
• Greater access to basic 

services?
• Better infrastructure?
• Jobs?
• Impacts on health, poverty 

intergenerational mobility,...

Labor Market
• Commuting costs
• Information frictions
• Misallocation

Key dimensions associated to urbanization(non-exhaustive)



Key question: Can developing country cities generate enough good jobs to
accommodate this fast growing workforce?

Enough reasons for pessimism:

▶ Traditional ”Harris-Todaro-Fields” view predicts that rural-urban migration
leads to higher unemployment and informality in urban destinations.

▶ These predictions are supported by empirical evidence on the short-run
effects of rural-urban migration, e.g.:

El Badaoui et al. (2017) in Thailand
Kleemans and Magruder (2018) in Indonesia
Corbi, Ferraz & Narita (2024) in Brazil

▶ Consistent with ample evidence on frictions facing firms and workers, low
firm growth, high informality and unemployment.



Imbert and Ulyssea (2026):

▶ Shift-share IV design to identify the long-run causal effects of immigration
at destination in Brazil.

▶ Over a decade, cities that receive more migrants experience:

(i) Formalization → shift from informal to formal jobs; no effects on
non-employment; and small reduction in wages.

(ii) Formal firms: ↑ formal firms, ↑jobs, ↑entry and ↑exit.
(iii) Results are weaker in places with higher formal wage rigidity.

(iv) Short-run (y-o-y) specification: migration ⇒ ↑ informality.

▶ Develop and estimate a model of firm dynamics and informality:

(i) Transition dynamics with sluggish formal wage adjustment: ↑ informality in
the short run following a migration shock.

(ii) Informality initially absorbs the growing labor force, and serves as
“stepping-stone”; but reduces the dividends from immigration.



However...

Firm composition shifts towards:

▶ Retail, services and construction, and away from manufacturing (similar
effects on jobs).

▶ Small firms → ↑↑ share of firms ≤ 5 employees.

▶ Mid-bottom of the productivity distribution; relative decline in the share of
top-productivity firms.



Final Remarks

▶ There has been substantial progress in understanding the determinants of
firms’ choices regarding informality. Many interesting open questions:

(i) How much employment reallocation there can be from informal firms to
more productive formal ones? How long (and painful) is this process?

(ii) Even if reducing informality is growth-inducing in the long-run, is it
politically feasible to do it?

(iii) Can informality be a stepping-stone for entrepreneurs with high-growth
potential but who might be constrained by other frictions?

▶ Gaps are arguably wider on workers’ side:

(i) What are the determinants of workers’ choice/allocation between formal and
informal jobs over their life cycle?

(ii) How much do workers value the greater job security provided by formal
employment relative to informal jobs?

(iii) Do informal jobs represent a stepping-stone for younger workers, or is there
an ”informality trap”?

▶ Interplay between structural transformation and urban informality still
understudied!


	Some Facts
	Determinants: Firms
	Determinants: Workers
	Consequences of informality
	Urbanization and Informality

